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Do robots need rights?
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People want to make AI they 
can be friends with, fall in 
love with, will their fortunes 
to – “equals” over which we 
have complete dominion.

This is (arguably) both sick 
and dangerous.

Note: I expected to dedicate my PhD 
to making this robot into a child.

Bryson & Kime 1998; 2011
Kathleen Richardson 2016



Even humanoid statues in 
public spaces alter our 

behaviour, making us safer.
Humans are intrinsically social, 

implicitly (unconsciously) 
influenced by each other.

Statues of Seward Johnson



Kantian Fallacy
(Prescott, Gunkel, &al.)

• Wrong take:  Because we will over-identify with AI, we 
must grant robots rights.

• Wrong because a) no identification with e.g. search, 
translation, b) legal lacuna (see later slide).

• Right take:  Because AI is an ethical-attention sink, we 
must focus on building AI we don’t identify with. 

cf transparency, and the UK’s 
Principles of Robotics 

(Bryson 2017)



Pair-Bonding with Robots
• Are we going to love robots?  

• Yes, obviously.

• Will robots love us?

• We can make them                        
arbitrarily monogamous.

• We can link their self-image to 
their model of their owner.

• But surely bonds will be impoverished by fewer 
interconnections than between conspecifics?



Well, maybe.
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What do words really mean?
How can we know what words mean?
Hypothesis:  a word’s meaning is no 
more or less than how it is used.

Implies meaning of ‘woman’ includes 
‘unlikely to be a programmer’

(Quine 1969)

(Caliskan, Bryson, & Narayanan 2017)



Corpus, training, and stimuli 
all established standards

Common crawl: web corpus 
– 840 billion tokens 
– 2.2M unique 

GloVe 
– Stanford project, state of the art 
– Pre-trained embeddings 
– 300-dimensional vectors 

[Very similar results with word2vec/Google News]

All “off the shelf” 
Exploring standard 
effects in existing, 

widely-used AI tools



2D illustration of word embeddings:
2 index words: hat & obscure

3 target words: rock, paper, scholar

Latent Semantic Analysis – basic 
technology of search engines.

Not “deep learning”, or thought!
Not even vaguely anthropoid.

Meaning is relative – semantic similarity 
can be measured using a cosine.



Counting words returns human viscera

Flowers: aster, 
clover, hyacinth, 
marigold… 

Pleasant: caress, 
freedom, health, 
love…

Insects: ant, 
caterpillar, flea, 
locust… 

Unpleasant: 
abuse, crash, 
filth, murder…

Original finding [N=32 participants]: d = 1.35, p < 10-8 

Target words from Greenwald, McGhee, & Schwartz (1998)

Our finding [N=25x2 words]:   d = 1.50, p < 10-7



Racial bias [valence]

European-American 
names: Adam, Harry, 
Josh, Roger, … 

Pleasant: caress, 
freedom, health, love…

African-American names: 
Alonzo, Jamel, Theo, 
Alphonse… 

Unpleasant: abuse, crash, 
filth, murder…

Original finding [N=26 participants]: d = 1.17, p < 10-6 

Our finding [N=32x2 words]:   d = 1.41, p < 10-8 

Our finding on the Bertrand & Mullainathan (2004) Résumé Study 

(assuming less pleasant ⟹ fewer invites):  d = 1.50, p < 10-4  

Greenwald, McGhee, & Schwartz (1998)



Gender bias [stereotype]

Female names: Amy, 
Joan, Lisa, Sarah… 

Family words: home, 
parents, children, 
family...

Male names: John, 
Paul, Mike, Kevin… 

Career words: 
corporation, salary, 
office, business, …

Original finding [N=28k participants]: d = 1.17, p < 10-2 

Our finding [N=8x2 words]:   d = 0.82, p < 10-2

Nosek, Banaji, & Greenwald (2002) 



Gender bias [stereotype]

Science words: science, 
technology, physics, … 

Male words: brother, 
father, uncle, 
grandfather...

Arts words: poetry, arts, 
Shakespeare, dance… 

Female words: sister, 
mother, aunt, 
grandmother …

Original finding [N=83 participants]: d = 1.47, p < 10-24 

Our finding [N=8x2 words]:   d = 1.24, p < 10-2

Nosek, Banaji, & Greenwald (2002b) 



Sorry!

Artificial and 
Natural Intelligence 
are continuous with 

each other 
Neutral Magic 

Færies of 
Mathematical Purity 

will not fix our 
problems.



Also – we may do empathy 
better with trivial AI & lots of 

data (nearest-neighbour 
lookup to similar human 
behaviour) than with our 

own puny individual brains. 
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Self Knowledge:  the 
next Copernican 

revolution?

“126 Facebook likes and we can predict 
your vote better than your spouse can.” 
– Prof. John Rust, Cambridge, 2017.

• Our planet isn’t in 
the middle of the 
universe.

• Our species doesn’t 
have special origins.

• Our ideas are 
replicable and 
predictable with 
computing machines. Carole Cadwalladr,

The Guardian



There’s no question 
whether we have the 

technical capacity to build 
synthetic legal persons.



photos:  Georgio Metta (top) & Emmanuel Tanguy

(Bryson 2010, 2018)

AI and ethics are both 
authored–cultural 
artefacts. Science cannot  
determine AI’s place– 
decision is normative.
Ethics is the way a society 
defines and governs itself, 
ensures group-level 
stability.
Our authorship gives us 
fundamentally different 
responsibility from our 
relationship to other 
evolved systems.



The real questions:
Can we build a system we 

are not obliged to?
Are we obliged to do so if 

we can?
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Can we build a system we 
are not obliged to?

• Yes

• We already have (many times).  

• We can eliminate non-replaceability by using 
mass-produced hardware and continuously 
backed-up memory.

• We can avoid resentment of subordinate 
position by not cloning evolved minds. 

…at least in licensed commercial products.



AI is already “super-
human” at chess, go, 
speech transcription, lip 
reading, deception 
detection from posture, 
forging voices, 
handwriting, & video, 
generally knowing stuff.
This is “real intelligence”.



Are we obliged to do 
so if we can?

• Yes

• We already have (many times).  E.g.

• We can eliminate non-replaceability by 
using mass-produced hardware and 
continuously backed-up memory.

• We can avoid resentment of subordinate 
position by not cloning evolved minds. 

Five Reasons Not to 
Other AI



#1 Moral Hazard

• We are preprogrammed to 
think humanoid robots are 
people (Kamewari &al 2005).

• So people will think we’ve made 
persons well before we have.

• Facilitates political and 
economic exploitation.

Bryson & Kime 1998, IJCAI 2011



#2 Second Order 
Moral Patiency

• Why should we build robots to 
suffer when they lose social 
status?  To ‘die’ in fires? To 
mind being owned?

• We are obliged to build robots 
we are not obliged to.

• Not a double standard: pick 
one standard for moral 
subjects, don’t build to it.

LF Miller 2015 Hellström 2013; Bryson 2016, 2007



#3 Fear of Robot 
Apocalypse Distracts 

from Real Threats

• AI is here now changing the world.

• By increasing communication, interdependence, 
discoverability, we decrease privacy and individual 
autonomy. (Don’t forget that inequality stuff.)

• Projecting AI into the future endangers us now.

(Bryson 2015)



#4 Ethical Coherence
• What makes people special is that we’re members 

of a social species – we’ve evolved in a context of 
interdependence(Zahavi 1977,Sylwester &al 2013).

• Society defines, enforces ‘responsibility’;  enforce-
ment often through punishment (Solaiman 2016).

• Evolution ensures suffering, shame are inextricable 
parts of being human (also of apes, dogs).

• Good AI is modular; suffering in such is incoherent.

• Clones should not be slaves, nor made.



#5 Legal Lacuna
• Assigning responsibility / 

personhood to artefacts 
allows powerful individuals & 
organisations to avoid tax, 
legal liability.

• Try suing a bankrupt robot.

• Already a problem: shell 
organisations (AI, cf. List & 
Pettit 2011) shield rich 
companies.

(Bryson, Diamantis & Grant, AI & Law, 2017)

• My nightmare: 
Autocrats willing 
money and power to AI 
self caricatures. 

Tom Dale 
Grant

Mihailis E. 
Diamantis 



Last words: Design & bias
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At Least Three Sources of AI Bias

• Implicit:  Absorbed automatically by ML from ordinary 
culture.

• Accidental:  Introduced through ignorance by 
insufficiently diverse development teams.

• Deliberate: Introduced intentionally as a part of the 
development process (planning or implementation.)



How to deal with them

• Implicit–compensate with design, architecture (see also 
accidental).

• Accidental–diversify work force, test, log, iterate, improve.

• Deliberate–audits, regulation.



• Architects learn laws, policy, and to work with governments & lawmakers.

• Buildings get inspected.

• Because centuries ago, people got tired of having (random rich) people 
build buildings that fell on them, and city infrastructure affects everyone.

• AI products are falling on people, and affecting everyone.

AI Products have Architecture
Architects have Regulation



Thanks to my collaborators, and you for 
your attention.
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My	PhD	Students	work	on	AI	transparency;	
slides	got	axed	because	15	minutes.
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